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Amazon.com, Inc. is located in
Seattle, WA and was founded
July 5th, 1994 by Jeff Bezos.
love buying
everything from to
at
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Named Entities
* Amazon.com: Organization
e« Seattle, WA : Location
« July 5th,1994: Date
« Jeff Bezos : Person

Sentiment
e Positive

Language
* English
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Topic Term Weight Document Topic Proportion
0 Washington .89 Doc.txt 0 .89
1 Silicon Valley .67 Doc.txt 1 .07
2 Roasting 91 Doc.txt 2 .04
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APIHEST

Synchronous

DetectDominantLanguage KMES, AILUEN100MIES
BatchDetectDominantLanguage

DetectEntities MBSk, Eban AR, b, ZR4R3
Batch DetectEntities

DetectKeyPhrases QM BEFRAE X AN A HF = B K 2 173278
Batch DetectKeyPhrases

DetectSentiment RN AFRANER: E@. i@, BRE (EEGESER)
Batch DetectSentiment it

Asynchronous

StartTopicDetection HiaE-m T LTS

ListTopicDetection HIZE BRI ER 7 LTS
DescribeTopicDetection R EM S R EFHREFER

AWSHE (TE) RiGMASKIREE :
AWSHE (R RiGHAFFRES §W§ Webinars



ComprehendfIAWSERBLEE

—

—

« BE u%‘g%?
o FEMEE

r— Amazon ES
Articles, Documents

Amazon S3

ET Joining SRk <R AT i)

Amazon Aurora

.

Social Media, Support Amazon Amazon EMR

Amazon Kinesis Comprehend

Amazon
Transcribe
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* Clustering

d
my
Amazon Redshift . LLGrouplngﬂ%/\ffﬁﬁ%‘
a
. * Graph, Search
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Top 10 Moive Titles Tag

Broken Arrow (1996)
goldentye SUCKEr Punch

Lawl
Still Alice Hel‘o a:n:::n:mo Movie
Hoowman No EScape

Patriot Games

Top 10 Named Entities Tag

American
Hollywood

" British  English 9scar

NewYork Erench America
Japanese
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Document Count

49,290

Named Entity Count

Named Entity Type:

631,102

Top Named Entity Type

Sentiment

MIXED (11.329%

)
‘l -

NEUTRAL (17.51

NEGATIVE (32.13

)

Geo Map Country

© ®POSITIVE
@ NEGATIVE
@ NEUTRAL
@ MIXED

Count

. @9-42778
(0 4.277.8-8,546.6
(08,5466 - 12,8154
@ 128154 - 17,084.2
@ 17,0842 - 21,353

© OpenStreetMap contributors , Elastic Maps Service , Made with NaturalEarth
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) review-stream
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N Amazon Amazon ES Kibana
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Firehose ambda ». -
N
D entity-stream
<
Amazon
Kinesis Data
AWSHE (TB) REHRACZKEES Amazon S3 Firehose
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Top 10 Moive Titles Tag Document Count Sentiment

39,663

screaml law.ess Fat Albert
Munich Herﬂ GoldenEye
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i i No Escane Named Entity Count
Broken Arrow [1996)
Top 10 Named Entities Tag Top Named Entity Type Geo Map Count ry
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Sam

John g PERSON
. G(Ill Jack
Hitchcock )

Harry  jason
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{

"properties": { entity D * {
"doc_type": {"type": "keyword"}, ‘text": "Metallica”,
uparentu:{utypeu: “kBYWOI’d“}, type”: "ORGANIZATION
ll-textll: {lltypell: Iltex-tll}’ :i:-l
"title": {"type": "keyword"), "text": "Bob Rock",
entity": { "type": "PERSON"

"type": "nested" 1,

}

Objects in arrays are not well

Lack Album™,
supported.

ITLE"

"key_phrase": {"type": "text"},
"sentiment": {"type": "keyword"},
llip_addrll: {Iltypell: llipll}l }
"geoip": {

KibanaHEI NN X E 5 FEHNEEEN

https://www.elastic.co/guide/en/kibana/current/nested-objects.html
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. RS SCARIE A A List

t entity.text @ € M * Jack Black, Owen Wilson, Ben 5tiller, Doctor Who, Metallica

t entity.type @ € [M % PERSON, PERSON, PERSON, TITLE, ORGANIZATION
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. doc : ZTHEE Eentity nam AL
v 4
oC : 1% = entity name#Fltype® ~List
* entity : /I\entltY'f EA— IR A
t _id aam 49583698747559869021060379347675185564418623257987514370.0 t _id aam 495837676532889337767770432755500509979645494262224650260.0
t _index eam test t _index e e m test
# _score D#* 1 # _score m 1.075
t _type @ald doc t _type aaqm doc
't doc_type @ Q M % doc [t doc_type @ QM * entity ]
it entity.text @ QM #* 1star, 24 hour, US, European, Mexico, Australia, US, first t entity.text @ @ (O % Sherry Belafonte-Harper
it entity.type @ Q M % QUANTITY, QUANTITY, LOCATION, LOCATIOMN, LOCATION, LOCATION, LOCATION, QUANTITY| t entity.type @ @ (D % PERSON
t geoip.city_name @ Q M % Cupertino
geotp Y t parent @ Q [0 % 49583698747559869021060379360034034218338979510032007178

t geoip.continent_name @& & [0 % North America
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# batch detect

if (1 % BATCH_SIZE == @ or i >= num_record):
print('processing batch #{}'.format(i / BATCH_SIZE))

# detect key phrases
key_phrase_list = get_key_phrase_list(text_list)

# detect sentiments
sentiment_list = get_sentiment_list(text_list)

# detect named entities and send to another firehose
entity_list = send_entity(text_list, sentiment_list, recordId_list, title_list)

def get_key_phrase_list(text_list):

response = client_comprehend.batch_detect_key_phrases(TextList=text_list, LanguageCode='en')

key_phrase_list = []

for result in response['ResultlList']:

key_phrases = list(set(x['Text'] for x in result['KeyPhrases']))
key_phrase_list.append(key_phrases)

return key_phrase_list

def get_sentiment_list(text_list):

response = client_comprehend.batch_detect_sentiment(TextlList=text_list, LanguageCode='en")

sentiment_list = []

for result in response['ResultlList']:

sentiment = result['Sentiment']
sentiment_list.append(sentiment)

return sentiment_list
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"ErrorList": [

1

{
"ErrorCode": "string",
"ErrorMessage": "string",
"Index": number
}
"ResultList": [
{
"Index": number,
"KeyPhrases": [
{
"BeginOffset": number,
"EndOffset": number,
"Score": number,
"Text": "string"
}
1
]

A}

DY4

ZN

"ErrorList": [

{

}
1.

"ErrorCode": "string",
"ErrorMessage": "string",
"Index": number

"ResultList": [

{

"Index": number,

"Sentiment": "string",

"SentimentScore": {
"Mixed": number,
"Negative": number,
"Neutral": number,
"Positive": number
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Blog

https://aws-blogs-prod.amazon.com/china/realizing-near-real-time-text-
sentiment-analysis-with-aws-comprehend/

EE AN

« {XHY: https://github.com/gddezero/realtime-text-analysis

. HIEE.
http://ai.stanford.edu/~amaas/data/sentiment/aclimdb_vl.tar.qz
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https://aws-blogs-prod.amazon.com/china/realizing-near-real-time-text-sentiment-analysis-with-aws-comprehend/
https://github.com/gddezero/realtime-text-analysis
http://ai.stanford.edu/~amaas/data/sentiment/aclImdb_v1.tar.gz
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® Topic modeling sample data (1000 documents)

My data (S3)
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S3 data location

Input format

Number of topics

Job Name

s3://public-sample-us-east-1

One document per line

20

NewsTopicModelingJob

\r

One document per file

- One document per line
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Select output location

Select the preferred output format for your analysis. S3 data output location, and the format of data as CSV.

S3 data location s3://xwij-files-use1/News/ = O

Select an IAM role
The topic modeling job will use the IAM role to access your Amazon S3 input and output buckets.

Select an existing IAM role
® Create a new |IAM role

Permissions to access input and output S3 buckets v

Your role will have access to resources in buckets: "xwj-files-use1"

Name suffix | XxXwj (i)
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Job name Job ID

NewsTopicModelingJob 31417b3e6150ae7d37b7b4ac05¢c7329c

[ ] Name T=

] [ output.targz

@.] doc-topics.csv
@ topic-terms.csv
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Start time End time Status
4/26/2018, 4:03:08 PM 4/26/2018, 4:09:14 PM Completed
Last modified 1= Size 1=
Apr 26, 2018 4:08:43 PM
br 16.9 KB

GMT+0800
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Job name Job ID Start time End time Status
NewsTopicModelingJob 31417b3e6150ae7d37b7b4ac05¢c7329¢c 4/26/2018, 4:03:08 PM 4/26/2018, 4:09:14 PM Completed
Legal consciousness is a collection of understood and/or imagined to have : s -
understood, legal awareness of ideas, views, feelings and traditions imbibed TOpIC ID W] topic-terms.csv
through legal socialization; which reflects as legal culture among given
individual, or a group, or a given society at large. The legal consciousness f. doc-topics.csv 21 legal 0.105305
evaluates the existing law and also bears in mind an image of the desired or o 21 law 0.0348473
ideal law.Consciousness is not an individual trait nor solely ideational; legal Sample.txt:496 21 0.756863 21 casar 0.0269855
consciousness is a type of social prallctlce reflecting and forming social Sample.txt:496 5 0.088644 21 social 0.022212
structures. The study of legal Consciousness documents the forms of ‘ 1 : { 0.0132634
participation and interpretation through which act or sustain, reproduce, or Sample.txt:496 1 0.059926 consciousnes —
amend the circulating contested or hegemonic structures of meanings Sample.txt:496 0  0.044405 21 court 0.0129711
concerning law. Legal consciousness is the way in which law is experienced Sample.txt:496 19  0.037643 21 fact 0.0112399
and interpreted by specific individuals as they engage, avoid, resist or just Sample.txt-496 10 0.012519 21 judge 0.010331
assume the law and legal meanings.Legal consciousness is a state of being, ple.txt: : 21 form 0.0119182
legal socialisation is the process to Legal consciousness; where as legal 21 opportunity  0.00874449

awareness & legal mobilisation are means to achieve the same.
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Thank You!
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